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Abstract

The fashion industry has evolved from a manufacturing-oriented sector into a platform for expressing
lifestyle and cultural identity, where emotional resonance and symbolic value are central to consumer engagement. In
the era of digital transformation, electronic word-of-mouth (eWOM) has emerged as a decisive factor shaping brand
perception and behavioral responses. This study investigates how different dimensions of eWOM namely volume,
credibility, valence, and source influence affect brand involvement and brand awareness within the fashion sector.
Using data from 300 valid respondents, analyzed through structural equation modeling (SEM), the results reveal that
all three dimensions volume, credibility, and valence significantly influence brand involvement, with valence
emerging as the strongest predictor. In contrast, source influence shows no significant effect, indicating that message
content exerts greater persuasive power than the communicator’s characteristics. Moreover, the relationship between
brand involvement and brand awareness is found to be insignificant, suggesting that emotional engagement does not
automatically translate into stronger brand recall. These findings extend the Stimulus—Organism—Response (S—-O—R)
framework by clarifying both the cognitive and affective mechanisms through which eWOM shapes consumer
responses. From a managerial perspective, the study highlights the importance of emotionally charged and credible
content, authentic peer reviews, and culturally resonant storytelling as strategies to enhance brand recognition and
consumer connection in the digital fashion landscape.
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1. Introduction

According to Statista (2023), the Vietnamese apparel market reached USD 6.44 billion in 2023, with an
expected annual growth rate of approximately 3.54% from 2025 to 2029. The increasing availability of products
featuring diverse styles and updated designs that cater to a wide range of consumer preferences, along with the growing
demand for fashionable apparel, is driving the expansion of the market. According to Fortune Business Insights (2023),
rising fashion consciousness particularly among younger demographic groups significantly contributes to market
growth. Consumers are increasingly seeking ways to express their individuality and maintain their personal
appearance through clothing, thereby fueling demand for trend-oriented fashion products. Furthermore, the growing
number of collaborations with celebrities, social media influencers, and fashion designers continues to accelerate
market development. Despite this strong growth, the market remains highly fragmented, unbranded fashion products
account for 76% of total retail market value, while branded fashion represents only 24% (Fashion Revolution, 2022).
This imbalance highlights the intense competitive pressure faced by fashion brands in the premium and luxury
segments forcing them to strengthen marketing efforts, personalize consumer experiences, and improve service quality
to build loyalty in an increasingly crowded market (Cam et al., 2025). Digital transformation has also reshaped
consumer behavior and brand-building practices, as consumers rely more heavily on digital channels for product
discovery, evaluation, and interaction, electronic word-of-mouth (eWOM) has emerged as a critical factor influencing
brand perception. Social media content including posts, short-form videos, and user reviews has become significantly
more persuasive than many traditional forms of advertising (Thuy et al., 2024). The rapid expansion of features such
as Facebook Reels, which surged from 78 million users in 2020 to 800 million in 2023 (Sendshort, 2025), reflects the
growing dominance of user-generated content consumption. Similarly, TikTok’s interactive mechanisms such as the
“Keeping the Streak” feature encourage users to share videos daily, intensifying eWOM diffusion and sustaining
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platform engagement. While previous studies mainly examine the general effects of eWOM on purchase intention and
brand evaluation, very limited research has analyzed how eWOM influences brand involvement, brand awareness, or
customer sentiment in the fashion industry. This gap is particularly significant as creative industries increasingly
converge becomes a central component of global branding strategies.

2. Objectives

This study aims to examine the influence of electronic word-of-mouth on brand involvement, brand awareness,
and within the fashion sector. By conducting empirical analysis, the research seeks to clarify the underlying
mechanisms through which culinary-inspired eWOM shapes consumer perceptions and brand responses. The study
also offers practical insights for fashion brands especially emerging and small-scale businesses looking to strengthen
their competitiveness through cultural storytelling, user-generated content, and digitally driven engagement strategies.

3. Materials and Methods
3.1. Literature review

Electronic Word-of-mouth (eWOM) is broadly defined as the sharing and exchange of consumer opinions,
experiences, and evaluations through digital channels such as social networking sites, review platforms, blogs, forums,
and video-sharing applications (Hussain et al., 2018; Babi¢ Rosario, De Valck, & Sotgiu, 2020; Doi & Hayakawa,
2020). Over the past decade, eWOM has become a powerful determinant of consumer behavior, exerting significant
influence on brand perception, shaping both initial and repeat purchase decisions, and enhancing brand engagement
in digital environments (Miiller-Pérez et al., 2023; Ngo et al., 2024). Prior research highlights that eWOM is
particularly impactful when consumers evaluate messages as credible, relevant, and appealing, and subsequently
integrate them into their decision-making processes (Miiller-Pérez et al., 2023; Ngo et al., 2024).

To explain how eWOM shapes consumer responses, scholars frequently draw on the Stimulus—Organism—
Response (S—O-R) model originally introduced by Mehrabian and Russell (1974). Within this framework, eWOM
characteristics—including message volume, credibility, valence, and source influence function as external stimuli.
These stimuli trigger internal organismic states such as emotional reactions, perceptions of brand reputation, or
cognitive appraisals related to product categories. These internal states then lead to behavioral responses, including
brand recognition, purchase intention, and attachment to the brand (Hung et al., 2023). The S—O-R model thus
provides a structured theoretical lens for understanding how eWOM activates psychological mechanisms that
ultimately enhance brand-related outcomes. Compared with traditional word-of-mouth, eWOM possesses several
unique properties: it is asynchronous, many-to-many, persistent, searchable, multimedia-rich, and rapidly scalable
(Babi¢ Rosario et al., 2020; Doi & Hayakawa, 2020). In the eWOM process, three stages are typically emphasized
content creation, exposure, and evaluation or adoption reflecting how user-generated content is produced, encountered
by other consumers, and incorporated into their decision-making (Babi¢ Rosario et al., 2020).

Brand involvement refers to the level of personal relevance, interest, and emotional connection that consumers
feel toward a brand and its marketing communications (Vazquez et al., 2021). Prior research identifies eWOM volume
as a key determinant of consumer involvement, as large amounts of brand-related information increase visibility,
signal popularity, and trigger deeper cognitive processing (Hung et al., 2023). This aligns with the Elaboration
Likelihood Model (Petty & Cacioppo, 1986), which argues that repeated exposure to relevant information promotes
greater message elaboration and enhances the likelihood of central-route processing. In fashion contexts where
symbolic value, trend sensitivity, and social identity cues are salient high levels of online discussion can activate social
proof mechanisms that stimulate consumer interest (Vazquez et al., 2021). Empirical findings further suggest that
eWOM volume on short-form video platforms such as TikTok predicts consumer engagement and serves as a critical
precursor to brand attachment and purchase intention (Zahrah et al., 2024).

eWOM credibility refers to the perceived believability and trustworthiness of user-generated messages, and
higher credibility systematically increases consumers’ likelihood of accepting and using online information (Pooja &
Upadhyaya, 2024; Verma et al., 2023). Credible reviews reduce uncertainty by enhancing the diagnosticity of the
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information environment, a key precondition for stronger downstream responses, and credibility elevates perceived
usefulness and information adoption, thereby strengthening the impact of eWOM on subsequent evaluations and
actions (Ngo et al., 2024). Extending beyond information adoption to brand-level outcomes, recent research links
active eWOM dynamics to customer brand engagement a construct closely related to brand involvement suggesting
that credible, adopted eWOM fosters deeper cognitive and affective investment in the focal brand (Srivastava et al.,
2025). Moreover, recent syntheses and large-sample studies show that higher eWOM credibility amplifies the effects
of review attributes on perceived usefulness and adoption, and in turn, on engagement-related outcomes, providing a
clear pathway through which credibility escalates into stronger brand involvement (Hung et al., 2023; Verma et al.,
2023; Ngo et al., 2024; Qiu & Zhang, 2024). Credible electronic word-of-mouth on social media and online platforms
also increases consumer trust in brand-related information, which strengthens brand involvement and engagement.
High eWOM credibility driven by trustworthy sources, message quality, and perceived expertise leads consumers to
view brands more favorably, increasing their willingness to interact with, recommend, and remain loyal to those brands
(Ismagilova et al., 2020; Rani et al., 2021; Daowd et al., 2021; Tobon & Garcia-Madariaga, 2021).

eWOM Valence refers to the positive, negative, or neutral tone of electronic word-of-mouth (eWOM) messages
shared by consumers about brands, products, or services. Valence indicates whether shared opinions are favorable or
unfavorable, shaping how other consumers perceive and engage with a brand (Tardin & Pelissari, 2021; Wang &
McCarthy, 2023; Hong & Pittman, 2020). Prior research suggests that positive eWOM valence enhances brand image,
perceived quality, and brand preference, which in turn increases purchase intention and consumer engagement, while
negative eWOM valence can discourage purchase decisions especially for experience goods and often exerts a stronger
influence on consumer attitudes and information diffusion than positive eWOM (Tardin & Pelissari, 2021; Hong &
Pittman, 2020). The effect of eWOM valence is moderated by consumer involvement, where highly involved
consumers are more influenced by detailed or conventional eWOM, particularly when coming from weak social ties,
whereas strong social ties (e.g., friends on social media) may override valence effects (Zniva et al., 2020). Brand
involvement is also shaped by trust propensity, and consumers with higher trust are more affected by eWOM valence
(Wang & McCarthy, 2023). Additionally, eWOM valence along with argument quality and message consistency
enhances initial trust and intention to adopt information, with stronger effects observed among highly involved
consumers (Shankar et al., 2020).

eWOM Sources Influence refers to the perceived trustworthiness and believability of user-generated messages,
and research consistently shows that higher credibility increases consumers’ likelihood of accepting and using online
information (Pooja & Upadhyaya, 2024; Verma et al., 2023). Credible eWOM reduces uncertainty by enhancing
perceived information diagnosticity, which strengthens usefulness perceptions and facilitates information adoption,
thereby amplifying eWOM’s influence on subsequent evaluations and behaviors (Ngo et al., 2024). Beyond
information adoption, credible eWOM also fosters deeper emotional and cognitive investment in brands, strengthening
brand engagement a construct closely related to brand involvement (Srivastava et al., 2025). Meta-analytic evidence
further shows that eWOM credibility magnifies the effects of message quality and perceived usefulness, ultimately
leading to higher engagement and involvement (Hung et al., 2023; Verma et al., 2023; Qiu & Zhang, 2024). On social
media, credible eWOM supported by trustworthy sources, message quality, and perceived expertise enhances
consumer trust and increases willingness to interact with, recommend, and remain loyal to brands (Ismagilova et al.,
2020; Rani et al., 2021; Daowd et al., 2021; Tobon & Garcia-Madariaga, 2021).

Brand awareness refers to the extent to which consumers can recognize or recall a brand and associate it with
a specific product category. It consists of both brand recognition identifying a brand when visually exposed to it—and
brand recall, which involves remembering a brand when thinking of a particular category (Masa’deh et al., 2021).
High brand awareness indicates that a brand is easily brought to mind in different contexts, thereby increasing the
likelihood that it will be considered during purchase decisions (Tan et al., 2022). Recent research shows that eWOM
has a significant and positive impact on brand awareness across multiple industries and digital platforms (Pourkabirian
et al.,, 2021; Cheung et al., 2020; Tan et al., 2022). eWOM strengthens brand awareness by rapidly and widely
spreading information, increasing brand visibility to potential consumers (Pourkabirian et al., 2021; Cheung et al.,
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2020; Makrides et al., 2020), and by enhancing consumer engagement and interaction, which deepens brand
knowledge and improves brand recall (Masa’deh et al., 2021; Ningrum & Roostika, 2021). eWOM also builds trust
and credibility, as consumers frequently rely on peer-generated opinions when forming brand judgments (Tan et al.,
2022; Siddiqui et al., 2021). Furthermore, studies find that eWOM is often more effective than traditional digital
marketing in increasing brand awareness and influencing purchase intention (Pourkabirian et al., 2021; Cheung et al.,
2020; Tan et al., 2022). Positive eWOM not only boosts awareness but also strengthens brand image and purchase
intention, whereas negative eWOM can weaken both (Wang & McCarthy, 2023).

3.2. Data collection

After developing a comprehensive measurement scale, the authors conducted a survey of 305 respondents
between the ages of 18 and 44. This age group was selected due to its high level of influence in the fashion industry
and frequent use of social media platforms as a primary source of information. All constructs were measured using a
five-point Likert scale ranging from “Totally Disagree” (1) to “Totally Agree” (5). According to Smith (1993),
“sampling survey is a type of incomplete survey,” in which a sufficiently large and representative subset of the
population is selected for investigation. Such an approach allows researchers to generalize findings to a wider
population, thereby ensuring external validity. In line with this principle, the study employed a non-probability
purposive sampling method, chosen for its suitability in targeting respondents relevant to the research context.

Data collection was carried out through digital platforms where eWOM exerts a strong influence on consumer
perceptions. Social media channels such as Instagram, TikTok, Facebook, and Twitter were used as key sources, as
these platforms frequently host discussions about food-inspired fashion trends, culinary-themed branding, and
influencer collaborations. The sample consisted primarily of individuals who follow or interact with fashion brands
that integrate culinary elements into their marketing strategies. In addition, expert insights and industry reports were
consulted to enrich the consumer data and offer a more comprehensive understanding of the research topic. The survey
was administered over a period of three weeks. All participants provided informed consent prior to participation.
Measures were taken to safeguard participant privacy and confidentiality, including the secure storage, separation,
and restricted handling of identifiable data. Results are reported in aggregate form only.

Following data collection, responses were processed using SPSS 20, AMOS 24, and Microsoft Excel. Data
analysis included assessments of internal consistency using Cronbach’s Alpha, followed by Exploratory Factor
Analysis (EFA) and Confirmatory Factor Analysis (CFA) to evaluate the validity of constructs. Pearson correlation
analysis and Ordinary Least Squares (OLS) multiple regression analysis were subsequently conducted to test
hypothesized relationships. Prior to analysis, all data were coded, screened, and cleaned to eliminate errors and invalid
responses, ensuring the reliability and accuracy of the dataset.

3.3. Research model and hypotheses

The Elaboration Likelihood Model (Petty & Cacioppo, 1986) suggests that consumers process eWOM
differently depending on their level of brand involvement. High involvement leads to deeper cognitive evaluation of
message quality and source credibility, justifying the moderating role of brand involvement in the model. When brand
involvement and ability are sufficient, consumers process centrally: eWOM credibility and valence are scrutinized
and strengthen evaluations (H2+, H3+); when involvement/ability are lower, consumers rely on peripheral cues:
eWOM volume and source influence guide quick judgments and still move evaluations (H1+, H4+). These processing
outputs consolidate into customer sentiment, which mediates the overall effect of eWOM on downstream brand
outcomes (H5+). The authors suggest a research model as below:
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Figure 1 Proposed Model
This research proposes these following hypotheses:
H1: eWOM Volume has a positive (+) impact on Brand Involvement.
H2: eWOM Credibility has a positive (+) impact on Brand Involvement
H3: eWOM Valence has a positive (+) impact on Brand Involvement
H4: eWOM Sources Influence has a positive (+) impact on Brand Involvement
HS5: Brand Involvement has a positive (+) impact on Brand Awareness

4. Results and Discussion
4.1. Descriptive analysis

The descriptive statistics indicate that the sample is predominantly young, with respondents aged 18-24
accounting for the largest proportion (45.9%), followed by those aged 25-40 (33.1%). Females represent a majority
of the sample (63.6%), while males account for 34.4%. Most participants reside in urban areas (90.8%), reflecting the
concentration of fashion consumers and social media users in major cities. In terms of occupation, students constitute
the largest group (39.34%), followed by office employees (33.77%). Regarding monthly income, nearly half of the
respondents (45.6%) earn between USD 200 and 500, while 34.1% fall within the USD 500 to under 1,000 range.
Overall, the sample reflects a young, urban, digitally active population aligned with the primary target demographic
of the fashion industry.

Table 1 Descriptive analysis

Categories PercentSS (%)

18-24 140 45.9%

Age groups 25-40 101 33.1%
41 - 60 58 19.0%

>60 6 2.0%

Female 194 63.6%

Gender Male 105 34.4%
Other 6 2.0%

Rural 12 3.9%

Area Suburban 16 5.2%
Urban 277 90.8%
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Employee (Office-worker) 103 33.77%
Freelancer/Self-employed 42 13.77%
Occupation
Student 120 39.34%
Manager/CEO 40 13.11%
Over 10008 38 12.5%
500 — under 1000 $ 104 34.1%
Monthly income
200 — under 500 $ 139 45.6%
Below 200 $ 24 7.9%

4.2. General research model testing

The research scales have Cronbach’s Alpha ranging from 0.766 to 0.856, indicating that the scales are well
constructed and exceed the recommended threshold (> 0.6). The component variables have correlation coefficients
with the total variable greater than 0.3 (specifically in the table below). Thus, it ensures that the eWOM Volume
variable has standard reliability and the measurement scale is appropriate.

The Kaiser-Meyer-Olkin (KMO) coefficient is 0.741, which exceeds 0.5, indicating that the dataset is suitable
for Exploratory Factor Analysis (EFA). Additionally, the significance level of Bartlett’s test is <0.001, which is below
0.05, confirming that EFA is appropriate for the research data. The Chi-square value of Bartlett’s test is 1348.765 with
66 degrees of freedom, suggesting that the observed variables are correlated within the overall sample. EFA analysis
results are in the following table.

Table 2 Exploratory factor analysis and confirmatory factor analysis

KMO and Bartlett’s Test Inde;fendent Interr{ledlate Dep('endent Modfzratlng Confrolled
variables variable variables variables variables

Kalser-Meyer—Olkm Measure 741 693 710 698 663
of Sampling Adequacy

?pprox' Chi- 1348.765 231.377 297.587 244.791 195.643
Bartlett's Test quare
of Sphericity df 66 3 3 3 3

Sig. <.001 <.001 <.001 <.001 <.001
EFA Explained Variance 72.656% 68.278% 72.45% 68.278% 66.107%

To assess the model fit of the CFA (Confirmatory Factor Analysis), the following indices are used: Chi-
square/df (CMIN/df): A value less than 5 is considered an acceptable level of model fit. CFI (Comparative Fit Index):
This index should be > 0.9 to ensure a good model fit. TLI (Tucker-Lewis Index): The model is considered satisfactory
when TLI > 0.9. GFI (Goodness of Fit Index): A GFI value greater than 0.9 indicates a good measurement model fit.
RMSEA (Root Mean Square Error of Approximation): A value below 0.08 suggests a high level of model fit.

The CFA results indicate that the measurement model demonstrates a good fit with the survey data. Specifically:
Chi-square/df = 2.371, which falls within the acceptable range. CFI = 0.923, exceeding the minimum threshold,
indicating a high model fit. TLI = 0.910, ensuring good model compatibility. GFI = 0.902, surpassing the 0.9
benchmark, confirming a good fit. RMSEA = 0.062, below 0.08, validating a high level of fit with actual data. Overall,
all fit indices meet the standard thresholds, confirming that the CFA model exhibits a strong fit with market data.

Composite Reliability (CR) and Average Variance Extracted (AVE) are two essential indicators used to assess
the convergent validity of measurement scales. CR (Composite Reliability): Measures the overall reliability of the
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observed variables within a latent construct. A scale is considered reliable when CR > 0.7. AVE (Average Variance
Extracted): Evaluates the extent to which observed variables converge to their respective latent construct. A construct
meets convergent validity requirements when AVE > 0.5.

Table 3 Testing the discriminant value between research concepts

Factors CR AVE
BI 0.916 0.732
BA 0.949 0.823
VO 0.938 0.794
CR 0.934 0.781
VA 0.924 0.796
SI 0.948 0.785

All CR values exceed 0.7, confirming that the measurement scale has high reliability. All AVE values are
greater than 0.5, indicating strong convergent validity of the observed variables.
To test discriminant validity, the square root of AVE is compared with the correlation coefficients between
constructs. If the square root of AVE is greater than the correlation between the construct and others, the constructs
exhibit good discriminant validity.

Table 4 Correlation and Reliability Matrix

BR BA VO CR VA SI
BR 0.855

BA 0.686 0.907

VO 0.469 0.319 0.891

CR 0.537 0.456 0.539 0.884

VA 0.601 0.494 0.431 0.425 0.861

SI 0.520 0.389 0.412 0.433 0.419 0.886

Source: Authors

The results indicate that the square root of AVE for each construct (bolded along the diagonal) is greater than
the correlation coefficients between constructs. This confirms that the measured concepts are distinct, ensuring
discriminant validity. The CFA validation results confirm that the measurement model meets the requirements for
reliability, convergent validity, and discriminant validity: The model fit indices validate the overall model fit;
Standardized regression weights exceed 0.5, confirming that observed variables adequately measure their
corresponding latent constructs; CR and AVE values meet the required thresholds, ensuring high reliability and
convergent validity of the measurement scales; The discriminant validity test confirms that the research constructs are
distinct and non-overlapping. Thus, the CFA model is validated, providing a strong foundation for the next stage of
analysis: Structural Equation Modeling (SEM).

The Structural Equation Modeling (SEM) approach was employed using AMOS 24 software to test the research
model. The SEM results demonstrate strong alignment with market data. The key fit indices indicate an acceptable
model fit, confirming the robustness of the research framework and its applicability to industry insights: Chi-square/df
ratio = 2.341 (acceptable when < 3.0), confirming model adequacy. Comparative Fit Index (CFI) = 0.962 (exceeding
the recommended threshold of 0.95), indicating a well-fitting model. Goodness-of-Fit Index (GFI) = 0.911 (above the
minimum threshold of 0.90), reinforcing model compatibility. Tucker-Lewis Index (TLI) = 0.954, demonstrating
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strong model adjustment. Root Mean Square Error of Approximation (RMSEA) = 0.057 (below the 0.08 benchmark),
supporting model appropriateness. Standardized Root Mean Square Residual (SRMR) =0.041, indicating a low model
error. These fit indices suggest that the model provides meaningful insights into the interplay between customer
sentiment, brand reputation, and brand awareness in response to eWOM characteristics.

Conclusions can be drawn from the results presented in Table 5. Through the results by SEM model, it can be
seen that most of the relationships in the research model have statistical significance at the 5% level (p < 0.05). Most
of the relationships in the research model are statistically significant at the 5% level (p < 0.05).

Table 5 Results from the SEM model

Hypothesis P-value
P Estimate (5% < 0,1%) Result

H1: eWOM Volume has a positive (+) impact on Brand Involvement .091 HoAk Approve
H2: eWOM Credibility has a positive (+) impact on Brand Involvement 132 HoAk Approve
H3: eWOM Valence has a positive (+) impact on Brand Involvement 488 HoAk Approve
H4: eWOM Sources Influence has a positive (+) impact on Brand .055 .062 Rejected
Involvement

HS: Brand Involvement has a positive (+) impact on Brand Awareness .022 Hak Approve

The hypothesis testing results provide important insights into how different dimensions of electronic word-of-
mouth (eWOM) influence brand involvement and brand awareness in the fashion industry. First, the positive and
significant effect of eWOM Volume on brand involvement (f = 0.091, p < 0.001) indicates that frequent exposure to
brand-related online content enhances cognitive processing and stimulates consumer engagement. This is consistent
with the findings of Hung et al. (2023), who demonstrate that higher review volume increases perceived information
diagnosticity, thereby strengthening consumer responses. Similarly, Erkan and Evans (2016) show that large eWOM
volume creates a social proof effect, signaling brand popularity and shaping consumer perception. Likewise, eWOM
Credibility also shows a positive and significant influence on brand involvement (f = 0.132, p < 0.001). This result
aligns with the meta-analysis by Verma et al. (2023), which identifies eWOM credibility as one of the strongest
predictors of online information adoption. Similarly, Daowd et al. (2021) found that credible online reviews
significantly influence purchase intention and brand engagement among younger consumers in Thailand. These
findings reinforce the idea that when eWOM is perceived as trustworthy, consumers are more likely to transition from
information processing to emotional connection and deeper brand involvement.

Among all the predictors, eWOM Valence has the strongest effect on brand involvement (f = 0.488, p <0.001).
This result is consistent with Tardin and Pelissari (2021), who show that positive eWOM enhances brand equity and
purchase intention, while negative eWOM has an even stronger impact on attitudes and information diffusion
particularly for experience-based products. Supporting this, Wang and McCarthy (2023) argue that consumer trust
propensity increases the influence of eWOM valence on brand image, underscoring the emotional weight of evaluative
content in digital environments. In contrast, the influence of eWOM Source was not statistically significant (f = 0.055,
p = 0.062). These finding challenges influencer-driven persuasion theories, such as those demonstrated by Tobon and
Garcia-Madariaga (2021), who found that opinion leaders actively shape consumer decisions. One possible
explanation is that in fashion contexts, consumers may prioritize message content and emotional tone over the
messenger. This aligns with Zniva et al. (2020), who argue that in saturated media environments, the persuasive power
of the source may weaken when content is not sufficiently distinctive. Interestingly, the relationship between brand
involvement and brand awareness was also unsupported ( = 0.022, p > 0.05). This suggests that emotional or
cognitive engagement with a brand does not automatically translate into higher brand recall. Masa’deh et al. (2021)
similarly observed that online engagement translates into brand awareness only when message exposure is sufficiently
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frequent. Meanwhile, Dabbous and Barakat (2020) emphasize that visual presence and repetition exert a stronger
effect on brand recognition than involvement alone.

Overall, these findings highlight that emotional tone and credibility of eWOM are more influential than source
cues, and that brand involvement alone may be insufficient to increase brand awareness without sustained exposure.
This supports the idea that engagement and recognition are partially decoupled in fast-paced digital fashion
environments. Future research may explore the conditions such as content repetition, platform effects, or visual
branding under which involvement more effectively translates into awareness.

5. Conclusions

This study contributes to branding and eWOM literature by demonstrating that different dimensions of
electronic word-of-mouth exert distinct influences on brand involvement, with valence emerging as the strongest
predictor. This finding extends existing eWOM models by emphasizing the central role of emotional tone in shaping
psychological engagement, particularly in symbolic consumption categories like fashion. Moreover, the research
enriches the Stimulus—Organism—Response (S—O-R) framework by showing that while volume and credibility
function as cognitive stimuli, valence stimulates affective processing more strongly. The non-significant effect of
source influence challenges traditional persuasion models centered on influencers, suggesting a shift toward content-
driven rather than source-driven communication. Finally, the lack of linkage between brand involvement and brand
awareness provides theoretical insight into the partial decoupling of engagement and recognition, calling for renewed
examination of how brand memory is formed in fast-paced digital environments.

For brand managers and practitioners, the findings offer several actionable insights. First, given the strong
impact of eWOM valence, fashion brands should prioritize emotionally engaging content rather than merely increasing
volume. Strategies such as aesthetic storytelling, experiential campaigns, and positive user narratives may deepen
consumers’ psychological connection to the brand. Second, credibility remains a crucial driver of involvement,
suggesting that marketers should foster authentic customer reviews, transparent interactions, and peer-to-peer
recommendation mechanisms. The limited role of source influence indicates that influencer strategy must evolve
shifting focus from celebrity scale to message authenticity, cultural relevance, and community alignment. Finally,
since high involvement does not automatically increase brand awareness, managers should pair engagement strategies
with consistent visual identity, repetition across channels, and platform-specific amplification to strengthen recall and
recognition. Overall, the study equips brand strategists with clearer guidance on how to leverage eWOM more
effectively to build lasting brand equity in the digital fashion landscape.

While this study provides valuable insights into the role of eWOM in shaping brand involvement and brand
awareness within the fashion industry, several avenues remain for future research. The study’s focus on Vietnamese
consumers aged 18—44 suggests opportunities to explore cross-cultural or multi-generational comparisons, particularly
in markets where fashion identity or digital behaviors differ. Future research could examine platform-specific effects,
as TikTok, Instagram, and Facebook each foster distinct content formats and engagement dynamics that may influence
how eWOM is processed. Additional psychological constructs such as brand attachment, self-construal, or consumer
aesthetic sensitivity could be integrated to clarify the mechanisms through which eWOM shapes perception and
behavior. Given the non-significant effect of source influence, further studies should also reassess the evolving role
of influencers including micro-, nano-, or Al-generated personas in digital persuasion.
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