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ABSTRACT

Ethereum is the second most popular digital currency from Bitcoin when compared with the amount of
value in the digital currency market. Nowadays, digital currency is an asset that well-known in finance, business, and
a group of NFT products. These products affect the value of Ethereum. This research has used Multiple Linear
Regressions by Ordinary Least Squares and examined the relation of a variable for the accuracy of the result. And
using statistic tools (SAS) write a program for data processing to find the relationship of the above factors with the
digital market platform. That has a high reputation for selling NFT products. The result shows that group of NFT
products when the amount of spending increases the price of Ethereum will increase in the same direction.

Keywords: Ethereum, Digital currency, NFT, Multiple Linear Regressions, Block Chain
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Variable Mean Median Maximum Minimum SD
ETH (USD) 1,088.59 277.63 4,810.97 104.30 1,337.23
OPENSEA (USD) 11,776,965.49 33,766.73 302,636,240.00 1,902.22 31,701,267.49
SUPERRARE (USD) 128,413.67 11,432.09 7,098,457.00 0 480,942.58
AXIE MARKETPLACE (USD) 24,847.14 543.87 1,547,837.17 0 84,835.09
RARIBLE (USD) 125,114.09 15.67 2,643,685.00 0 328,092.31
KNOWNORIGIN (USD) 9,897.58 1,186.20 312,182.00 0 25,907.92
OTHER ETH (Million USD) 12,624.62 3,050.69 56,896.62 1,092.70 15,796.97
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OpenSea | SuperRare Axie Rarible KnownOrigin *PC Other_eth
OpenSea 1.000 0.275 -0.104 -0.111 0.246 -0.003
SuperRare 0.275 1.000 0.081 0.191 0.296 -0.032
Axie -0.104 0.081 1.000 0.071 0.009 0.022
Rarible -0.111 0.191 0.071 1.000 0.451 0.019
KnownOrigin 0.246 0.296 0.009 0.451 1.000 0.033
*PC_Other_cth -0.003 -0.032 0.022 0.019 0.033 1.000
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Root MSE 241659 | R-Square 0.6071
Dependent Mean 3.87758 | AdjR-Sq 0.5972

Coeff Var 62.32212
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Parameter Estimates

Parameter Standard
Variable Label DF Estimate Error | tVvalue | Pr>|t
Intercept Intercept 1 1.13750 1.66000 0.69 0.4939
L_OpenSea 1 0.34016 0.18145 1.87 0.0621
L SuperRare 1 -0.19786 0.23663 -0.84 0.4039
L_Axie 1 0.14912 0.11388 1.31 0.1917
L_Rarible 1 -0.14912 0.08048 -1.85 0.0651
L KnownOrigin 1 -0.10785 0.16657 -0.65 0.5179
L other eth 1 2.34919 0.12396 18.95 <.0001
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BRUESCH PAGAN #11 Tool SAS ldnadniaail

Analysis of Variance

Sum of Mean
Source DF Squares Square F Value Pr>F
Model 6 2147.26443 357.87741 I 61.28 <0001
Error 238 1389.89469 5.83989

Corrected Total 244 3537.15912
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Parameter Estimates

Heteroscedasticity Consistent
Parameter Standard Standard
Variable Label DF Estimate Error t Value Pr = |t Error | ¢Value Pr >t
Intercept Intercept 1 1.13750 1.66000 0.69 0.4939 ! 1.23259 0.92 0.3570
L_OpenSea 1 0.34016 0.18145 1.87 0.0621 0.16327 2.08 0.0333
L_SuperRare 1 -0.19786 0.23663 -0.84 0.4039 0.20567 -0.96 0.3370
L_Axie 1 0.14912 0.11388 131 0.1917 0.09808 1.52 0.1297
L_Rarible 1 -0.14912 0.08048 -1.85 0.0651 0.05881 -2.54 0.0119
L_KnownOrigin 1 -0.10785 0.16657 -0.65 0.5179 0.13863 -0.78 04374
L_other_eth 1 2.34919 0.12396 18.95 <.0001 0.24523 9.58 =.0001
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